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• This work…
1) evaluates if neuroimaging-derived features allow for Out Of 

Sample (OOS) prediction of HGS → precision medicine
2) provides insights into non-confounded neuronal correlates of HGS
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Motivation & Impact
• Hand grip strength (HGS) is… 

o a marker of overall strength, physical disability, cognitive decline, 
vitality and mortality1-4

o a cost-efficient and reliable measure in clinical practice
o strongly confounded by sex, age and body composition measures5
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