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Mohammed et al. (2019)
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Comparison with in-situ SIF measurements
Data Set r MAE N
SEL-2018 (600m) SFM 0.89 0.80 + 0.10 11
SFMNN 0.96 0.68 £+ 0.08 11
iFLD 0.80 0.67 &+ 0.08 10
WST-2019 (1500m)  SFM -0.36* 0.46 + 0.05 22
SFMNN 0.62 0.19 £+ 0.03 22
iFLD -0.59 4.81 £+ 0.09 22
& 150 A CKA-2020 (350m) SFM 0.90 0.36 + 0.04 37
o | SFMNN 0.87 0.31 + 0.04 37
S = iFLD 0.55 0.28 + 0.05 36
=1 CKA-2020 (600m)  SFM 0.83  042+005 23
= @ 100 1 SFMNN 0.83 0.24 + 0.05 23
oo iFLD 0.52 0.39 + 0.08 23
== AR CKA-2021 (350m) SFM 0.64* 0.44 + 0.07 7
< - SFMNN 0.82 0.49 + 0.08 7
A= 50 iFLD 0.87  0.12 + 0.15 7
= g CKA-2022 (350m)  SFM 057  0.39 +0.13 6
SFMNN 0.69* 0.33 = 0.16 6
iFLD -0.88* 1.13 £ 0.21 4
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