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OVERVIEWYY We developed a workflow of Virtual Epileptic Patient (VEP) brain model to brain interventions based on personalized brain network
models dertved from non-invasive structural data of individual patients with drug-resistant epilepsy (Jirsa et al., 2017)
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THE VIRTUAL PATIENT FOR CLINICAL TRIAILS (EPINOV PROJECT) * Improving success rate in epilepsy surgery

* Minimizing invasiveness
* Improving diagnosis

For a given patient VEP combines structural information with large-scale brain modelling based on The Virtual Brain

(TVB) technology and produces a clinical report depicting specific heat maps estimating the degree of epileptogenicity
projected on the patient’s brain anatomy. Ewvaluation on the retrospective patients shows the potential: ===
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